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Progress and Prospect of Knowledge Graph Technology

QIN Xiao',LIAO Zhaogi' ,SHI Yu', YUAN Changan”
(1. Nanning Normal University, Nanning, Guangxi, 530299, China; 2. Guangxi Academy of Sciences, Nanning, Guangxi, 530007,
China)

Abstract: With the development of big data, the key technology and application research of knowledge graph
have become one of the most popular research fields of artificial intelligence. Based on the definition,architec-
ture and common knowledge base of knowledge graph, this article summarizes and reviews the knowledge
representation and automatic knowledge acquisition technology constructed by knowledge graph,and discus-
ses its research points and development trends. Then the common application scenarios of knowledge graph
technology are introduced. Finally, combined with the research of the team, we discuss the trends of knowl-
edge graph.

Key words: natural language processing, knowledge graph, knowledge representation, knowledge extraction,

model improvement
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