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Abstract :[Objective]Explore a way to effectively predict stock price trends. [Methods]Three
indices of market activity,volatility,and DIF trend are added into the Moving Average Con-
vergence and Divergence (MACD) strategy to generate stock price trend prediction model.
The parameters of MACD and a subset of stocks are selected by the heat map. Technical a-
nalysis and machine learning methods such as support vector machine and relevance vector
machine are used to improve the signaling capability of the MACD strategies. [Results]We
obtain 14. 8% annualized out of sample back analysis return in Chinese A-share market for
the period of 1/4/2006 to 8/31/2016, which is significantly higher than Hushen300 annual
return of 7. 201% for the same period. Survivorship bias is avoided with all stocks in Chinese
A-share market. [Conclusion]Our results demonstrate that to a certain extent the improved
stock price trend prediction model can capture the upward tendency of Chinese stock market
and effectively reduce risks.
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