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Abstract ; Because RBF neural network is easy to fall into the defects of local maxima, the ge-
netic algorithm is introduced into the RBF neural network. The advantage of genetic algo-
rithm on global search can optimize the RBF neural network weights and the optimized neu-
ral network model is further used to classify DNA sequences. Compared with traditional
RBF neural network, the genetic optimized RBF neural network shows higher classification
efficiency and accuracy.
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