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Abstract: If the features of data samples” are complex and with more categories, the ant clus-
tering results are not satisfied. After the analysis of the main reasons, an idea that maps the
data samples to kernel space by SVM' nonlinear mapping function is proposed. The features
of data samples are recombined and highlighted in kernel space. The ant clustering algorithm
is designed in kernel space and the nest template is been used to improve the stability and ac-
curacy of algorithm. Experimental results on UCI datasets show that the clustering results
of nest template ant clustering algorithm in kernel space are closer to the reality. The algo-
rithm can proceed datasets which are complex and with more categories and the result is bet-
ter than that in original space.
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