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Abstract; Due to the low clustering quality of AntClust algorithm, an improved AntClust

algorithm is proposed , which optimize the rules of AntClust model with K-Means mind, is called
KM-AntClust. Then the clustering effection is verified by experiments. Experimental results
demonstrate that the new algorithm can significantly improve the quality of clustering.
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Clust O

{
for(r=1; r<=Tter * N; r++)
{ i=rand () %n;
j=rand () %n;
Cluster according to the rules in Sect 2. 2
}

Reassign()

{

for(i=1; i<q;i+-+)

Label,=MinDisl.abel(i , Class[ ]);

}
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