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Abstract ; This paper improves an ant colony algorithm based on multi-pheromones and solves the
problem existed in classical augment ant colony algorithm. The basic idea is to divide the
pheromone into local pheromone and global pheromone. Then their pheromones are updated

using different strategies during searching optimal path. Many experiments based on the data of
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TSPLIB show the advantages of this algorithm in sweeping problems.
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