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Abstract : By analyzing the distribution features of {uzzy transitivity in multidimensional data on
the basis of fuzzy clustering, this paper proposes a dimension mining algorithm of
multidimensional fuzzy rule (MMFCRA). The algorithm builds & collection of multidimensional
fuzzy rules through recursive calculation of reducing candidate intemsets, and subsequently
establishes a multidimensional mining model, Without reducing the dimension, this algorithm not
only efficiently cuts down the number of inquiry computation, but also reflects the influence of
combination of different dimension indexes, and guarantees the convergence of MMFCRA as
well, avoiding the loss of knowledge.
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