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Table 1 Classification accuracy,recall rate and F-value of three processing methods
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Methods acmiliacy % Recall rate (%) F-value (%)

LSTM(320-10-32-2) 60. 2 75.3 33.4
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LSTM(320-10-128-2) 61.5 76.9 34.2
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WL + SVM
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eepierors epivocory vario s L STM(320-10-64-64-2) 7.2 .9 .0
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Inspiratory/expiratory ratio + LSTM(320-10-64-128-2)

E:LSTM (320-10-32-2) # LSTM R I PUJZ [ 28 S54 , 9 2% A )R L B0l A i 2 55 5023 51 10,32 A 2
Note: LSTM (320-10-32-2) means that LSTM adopts a four-layer network structure,and the nodes of network input layer, hidden layer and output

layer are 10,32 and 2 respectively
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Respiratory Belt Data Oriented Normal and Abnormal Classifi-
cation

XU Zhengli' ,JIANG Mengke' , XIE Meiying® . CAI Xiang'
(1. Guilin University of Electronic Technology, Guilin, Guangxi, 541004, China; 2. Nanjing University of Information Science and
Technology, Nanjing, Jiangsu,210044 ,China)

Abstract : The respiratory signals of human body contain a lot of information indicating respiratory health. Al-
though there are a variety of instruments and means to measure respiration,the respiratory belt is still an e-
conomic,no radiation damage,and long-term daily wearable means to obtain respiratory data. However, the
current analysis method of respiratory belt data is not mature. In order to clarify which respiratory data char-
acteristics can effectively classify pathology,this study used three methods,namely LLong Short-Term Memo-
ry ( LSTM ) ,inspiratory/expiratory ratio combined with LSTM, and inspiratory/expiratory ratio combined
with Support Vector Machine (SVM), to conduct a comparative experiment on the accuracy of pathological
classification of 24 h observation data of 287 normal respirations and 55 abnormal respirations. The results

showed that the inspiratory/expiratory ratio feature combined with the LSTM method has higher classifica-
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tion accuracy.
Key words: respiratory belt; inspiratory/expiratory ratio; feature analysis; Long Short - Term Memory
(LSTM) ;Support Vector Machine (SVM)
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