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Abstract: A novel neural network ensemble forecasting model based on quantum particle
swarm optimization (QPSQO) was proposed. The QPSO algorithm is used to evolve neural net-
work architecture and connection weights, to generate different individual of neural network.
Then Support Vector Machine is used for regression ensemble. Empirical results reveal that
the prediction is generalization ability. The illustration and testing reveal that the ensemble
model proposed can be used as an alternative forecasting tool for stock market forecasting in a-
chieving greater accuracy and improving prediction quality further,
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