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Abstract Association rules mining and Apriovi algrithm was introduced. The characteristics in
tran-saction database and the complexity of the Apriori algorithm is also analyzed. Approaches

of improving the algorithms for mining frequent item sets are given.
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Algorithm Apriori
input DB, minsupp;
output all frequent itemsets;

method
begin
L=\
ki= 1,
G= {{i)l E I};
Frequentltemsets ‘= N ;
while G7 & {
Read DB and count supports for itemsets
in G
Lx*= {frequent itemsets in G:};
Gq 17= Apriori- gen(Lx);
ki= k 1
Frequentltemsets ‘= Frequentltemsets|J
L
}
return FrequentItemsets;
end.
Procedure join
input Lx;
output preliminary candidate set G. 1;
begin
for i from 1tol Lx— 1|
for j from i 1 tol L

if Ix—itemset iand Lxitemset

the same (k— 1)-prefix then

j have

G:1'= G IJ [Le—itemset i) L—itemset
ils
else break;
end.

Procedure prune

input  preliminary candidate set G- 1;
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output Ge 1;
begin
for all itemsets c¢ in G 1
if all k-subset s of
from G: g

c is not in Lx
delete ¢
end
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(3)minsupp= (len— %)< | DBl | 1| | DBl = | DBIX Cwt Li- %X Li- X Li-1.
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