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Neural Network Approach to Polynomial Ideal Computation
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Abstract The concept of polynomial ideal congruent neuron are proposed. It is different from both
general perception and chosen stimulate functionin working way, and is still characterized massive—
ly parallel architecture of the poly nomial ideal computation. The poly nomial ideal congruent neural
network leamning algorithm is discussed with an application of this neuron to computation of Grobn—
er base.
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